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Real Data

Single-Molecule Localization Microscopy (SMLM)

e Popular technique in super-resolution microscopy (10-20 nm)
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e Hierarchical clustering: Obtaining information at different scales. ‘ 4" . e . 4 R -
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2. Preprocessing: detection of the isolated nodes ) % o J 31000 4 4
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3. Spectral clustering
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4. Assign to each cluster C, a pair (N (pc,2¢), N¢) and go to step 1. ) ’
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e Comparison metric

FMI = 1P

V/ (TP+FP) x (TP+FN)
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